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Abstract

This study aimed to analyze the volatility of gold prices in Thailand after the COVID-19
outbreak using the GARCH (1,1) model with 2 years and 8 months of daily gold price data. The
results showed that the volatility of Thai gold prices was highly persistent, with a B value of
0.764646 and the sum of a and B of 0.987376, indicating the presence of a long memory in
volatility. The GARCH (1,1) model efficiently captured the dynamics of volatility, with no
significant evidence of autocorrelation in the residuals. The forecast showed a slight increase in
volatility in the short term, reflecting that the model predicts low volatility levels in the Thai gold

market, suggesting minimal changes in returns, which aligns with the Efficient Market Hypothesis
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stating that current prices reflect all available information. The results of this study have
important implications for investment decisions and policy making related to the Thai gold
market in the post-COVID-19 era, highlighting key factors to consider including exchange rates,
stock market indices, and global gold prices, which affect the analysis and forecasting of gold

price volatility in Thailand.
Keywords: Gold Price Volatility, GARCH Model, Thai Gold Market, Covid-19
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mermory lupufurIuessIAmasiRsluna1n spot uay futures vasdaidoszningd 2008-2013 Tag
uUABu (break dates) dsfusiuinganadulaniiAntauluram nslnneidouuusiaes cDCC wang
Tiifudssedvanduiusuuuiiteuly (conditional correlation) fifeuinsgessuinsnansuunuvames
Tumann spot Wwag futures dsdswalvszloriannsnszaeanudsdunesnnisamudmivinamuly
NDIANANAY

wiuuusans GARCH(L,1) agliinafitinela uinisAnuluewanenafiansailduuusiassi
Fudoutu Wy EGARCH %58 GJR-GARCH iileduaiulilauuinsyesnansznuaingaiuazgiadig
PILLLIMEY Hammoudeh and Yuan (2008) Insusiazuuustaosiinadnumzanzunnaeiudel

TunsMumIssaunssy llayaiauudnass APGARCH (Asymmetric Power GARCH) flaanu
TanuuluFesnudangureauusians esndnisfiwmesiids (power parameter) filiidndusiosd
Avindu 2 wifleuuuusiass GARCH vl vilfanunsauudidrfudnunganudumuiivannuansled
AN u@ﬂmﬂﬁé’qmmmamgﬂ (nested) Tuiduuuudrassdue levarouvy %uazujﬁ’umwwmﬁma%ﬁ
fvium EGARCH (Exponential GARCH) fifeiluntsliditaifuantmadildsniudesmundoulunin
Wuvanvewndiwes silrlifidedidalunisussanua wavaiunsaduransenusuuldauuinsle
Tnenss wangdmsunsinseinaaiifinismevaussietnifuaztniireluseduiisnatuann vaed GIR-
GARCH (Glosten-Jagannathan-Runkle GARCH) figataulunisldsaudsviu (dummy variable) Wiewen
HANIENUYRIIRLarY BN uRgItAY WilinsinunaldhswazaIusasEyILINYea
auiltiauinmslataiau uienaddedifnlumsiuanuiumuiifsuuuududou

JDLEUBLUZAINAITINY

Forguauuzdmunsisondadnly:

1. mslduvuiaesiidudeutu msfinnsanlduuusians GARCH fidudeuiu 1wy EGARCH %o
GJR-GARCH \iieduannuldanunnsvenansenuaindifuasd1i$e (leverage effect) Jao1alWnmd
asBundatuiafunainuesauiuny

2. marutladensuendlusuuiiaes msiasansutadenmaasvsiaumaiadun wWhlvly
LUUaRd Wy SnsuaniUasy sasdule sudnaiavdanning viesianiuy Wedesivinansenuves
Hasumaniirornuiuinuressamesiilng

3. MTAATIERUUULENYINIAT AITYIINITIATIEAUULLENYIIAN InglaniznisiSeuiiiay
YNADY TZUIN WBTNAINGANITAEIAEY LYY 11555 UIAV03lAIA-19 edlaniswdsuudasvosnadn
ANuRURIUluLAazY

4. MPwsinuduTLSiUUNS NSy Asreen1sAnylUgnIsinsanuduiussening
ANMUAUHILYDITIAMBIAFURUN NG DU WU Fu usTns uieanaiufiva lnelduuudians
multivariate GARCH

5. ASANEINENIENUYeILlEUIENIRY AITIATITRNanTENUYeIn1sUAsunlasulauns
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